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Big Data-based Language Governance Research.
Implications, Paradigms and Application Prospects
GUO Shujian & LI Xiaoyang

(Center for Language Planning and Global Governance , Tongji University , Shanghai 200092, China)

Abstract: The rapid development of Al language models and big data, exemplified by ChatGPT, po-
ses new challenges to language governance and provides a significant opportunity for the construction
of an indigenous theoretical framework for language governance in China. This paper reviews the his-
torical development of the language planning theory, points out the limitations of foreign language
planning theories, and explores the possibilities of a future “data-oriented” approach. The paper ex-
pounds the relationship between big data and language governance, reveals the connotations and
methodological foundations of language governance based on big data, discusses the prospects of ap-
plying the big data of a given language in language governance across various domains, and proposes
leveraging the advantages of big data in the process of constructing the knowledge system for the Chi-
nese language policy and planning. The paper advocates breaking free from the constraints of foreign
language governance theories, advancing the data-oriented shift in the research on language govern-
ance, and fully illustrating the effectiveness of China’s language governance and social governance,
thereby profoundly manifesting the scientific implications of Chinese-style modernization.

Key words: big data; language teaching; language governance; artificial intelligence; ChatGPT

[BEHRE: MEF]

O FATER VLB LI R 2 A A S O R [T ). SO AL 2019, (D).



